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1. Mplus output: cubic LCG
See slides for annotation

Note: This model is presented for illustrative purposes. It has marginal model fit, which improves after
adding sex subgroups and covariates. Testing of additional parameters to improve trajectory flexibility

and model fit is warranted.

Mplus VERSION 7.2
MUTHEN & MUTHEN
06/09/2016 2:14 PM

INPUT INSTRUCTIONS
Title:

Cube LGM Binned;
Data:

File is X:\SPH\Shared\Obesity\Infants.dat;

Variable:
Names are
id wt0 wtl wt2 wt3 wtd wth wto6;
Missing are all (-9999) ;
USEVAR =wt0-wt6;
MODEL:
il gc |

INPUT READING TERMINATED NORMALLY

Cube LGM Binned;
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Convergence criterion

Maximum number of steepest descent iterations
Maximum number of iterations for H1
Convergence criterion for H1

Input data file(s)
X:\SPH\Shared\Obesity\Infants.dat
Input data format FREE

SUMMARY OF DATA

Number of missing data patterns 62

COVARIANCE COVERAGE OF DATA

Minimum covariance coverage value 0.100

PROPORTION OF DATA PRESENT

Covariance Coverage

WTO WT1 WT2
WTO 1.000
WT1 0.907 0.907
WT2 0.754 0.746 0.754
WT3 0.669 0.661 0.642
WT4 0.678 0.666 0.643
WT5 0.616 0.604 0.578
WT6 0.480 0.470 0.449

Covariance Coverage

WT5 WT6
WT5 0.616
WT6 0.444 0.480

THE MODEL ESTIMATION TERMINATED NORMALLY

MODEL FIT INFORMATION

Number of Free Parameters 20
Loglikelihood
HO Value -112358.709

H1 Value -108311.313
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Information Criteria

Akaike (AIC) 224757.418
Bayesian (BIC) 224917.302
Sample-Size Adjusted BIC 224853.743

(n* = (n + 2) / 24)

Chi-Square Test of Model Fit

Value 8094.792
Degrees of Freedom 15
P-Value 0.0000

RMSEA (Root Mean Square Error Of Approximation)

Estimate 0.157

90 Percent C.I. 0.154 0.160

Probability RMSEA <= .05 0.000
CFI/TLI

CFI 0.917

TLI 0.883

Chi-Square Test of Model Fit for the Baseline Model

Value 96903.981
Degrees of Freedom 21
P-Value 0.0000

SRMR (Standardized Root Mean Square Residual)

Value 0.061

MODEL RESULTS

Two-Tailed

Estimate S.E. Est./S.E. P-Value
I
WTO 1.000 0.000 999.000 999.000
WT1 1.000 0.000 999.000 999.000
WT?2 1.000 0.000 999.000 999.000
WT3 1.000 0.000 999.000 999.000
WT4 1.000 0.000 999.000 999.000
WT5 1.000 0.000 999.000 999.000
WT6 1.000 0.000 999.000 999.000
L |
WTO 0.000 0.000 999.000 999.000
WT1 0.300 0.000 999.000 999.000
WT?2 0.600 0.000 999.000 999.000
WT3 0.900 0.000 999.000 999.000
WT4 1.200 0.000 999.000 999.000
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WT2 0.176 0.003 61.847 0.000
WT3 0.073 0.002 40.402 0.000
WT4 0.118 0.002 53.096 0.000
WT5 0.136 0.005 27.181 0.000
WT6 0.096 0.025 3.837 0.000
QUALITY OF NUMERICAL RESULTS
Condition Number for the Information Matrix 0.681E-06

(ratio of smallest to largest eigenvalue)

DIAGRAM INFORMATION

Use View Diagram under the Diagram menu in the Mplus Editor to view the
diagram.

If running Mplus from the Mplus Diagrammer, the diagram opens
automatically.

Diagram output
X:\SPH\Shared\Obesity\Infants\binned cube.dgm

Beginning Time: 14:14:55
Ending Time: 14:14:55
Elapsed Time: 00:00:00
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